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ABSTRACT

Hepatocellular carcinoma has a high incidence rate and mortality in the world, and its prognosis is still
frustrating. The National Cancer Center announced that the 5-year survival rate of liver cancer patients
in China is only 12.1%, and the 5-year survival rate is improving slowly.Therefore, early diagnosis,
treatment, and prognosis prediction of HCC are current research hotspots. In recent years,radiomics
and deep learning(DL) have broad research and application prospects in the field of HCC. This article
provides an overview of the research progress of artificial intelligence technology in the imaging
diagnosis,pathological staging, prognosis judgment , efficacy evaluation of HCC and summarizes the
limitations and development prospects of these technologies.
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