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ABSTRACT

Magnetic resonance imaging(MRI) has been widely performed in the staging and efficacy assessment
of rectal cancer, and can even be used for the prediction of pathological indicators and gene mutations.
To provide a new basis for clinical individualized diagnosis and treatment, methods such as radiomics
and deep learning based on the field of artificial intelligence to mine deep information of lesions from
MRI for further analysis. Currently, a large number of studies on MRI radiomics or deep learning for
rectal cancer have shown potential clinical applications. In this paper, we summarize the research
progress of MRI radiomics and deep learning in rectal cancer diagnosis and treatment in recent years,
aiming to provide reference for subsequent research.
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SOMREHEIR. 2ERRETIRRA (total mesorectal excision, TME)F#ri#EBIHK
f7 (neoadjuvant chemoradiotherapy, nCRT)A#Z LM ZERIZTT RS, RAMNE
THRBRRENTEY, HP, EEFRETEREE MMUAT REPREEEXSE
Z0ER". BFMRIBEBHNRARD PR, TEHENISTRRIEEXRIER, LH
REEHBRBAMMNCRIEEMEAE" - A, FATGSHIEREVEHNE
IMEYRIER M E A BT, BEBERMRNTSHE. RRFEXNRABRER. ATSEEE
(artificial intelligence, ANVBHIMAKREIE T GRS, ALL. HE. RBER. Z4
BT EERRERMTE. CHEEZGAFMREZIFENHIMMNER T EREE
FEGITMENELR, AXHETMRINEGAFNREFZIFEEERRICEFE
IR RERIE— SR,

1 Alfgi7Y

MERARERNHS, ABNEZERGEAFEHENANZ, EAUSHEET
EHERRY, BT RENSELK. MEWAFHNFEINE"Y ERAZHR
E¥S2EFEGAIDHHEBNmMHAE R,
1.1 EGAY SHEYSISTRBANY, SERMMMR. CTEEZEG IR
X (region of interest, RONIEEXAZEFEEHMUDITRIE, #MEmE. T EME
SR, PHRAYBISETEANARTE, QEMRETE. AR, SOREIT
RNEEEE", SEMEGIFTRE, SEAPHESH A ITENRARIEAR%E
DUMERMERIHE, SEREND FEEBMENBL T RHFRY,

EHRAZTEQIEUTAASEY, NEGRESTLIE. ROBAZIFH L. T
IREVR . BEWERRIT, MERNZLSERSIZNSESNHIREEDH
ROIMSEFEMY, tEMFERE; EX—Ft, EGIFTEEIBIEDTHBANSERRZ
ERBNAIEEN. BGREMITEMITENEN (image biomarker standardization
initiative )BRIBSI, IREEGREMREYHBIMNEN. EEIEEMEEERIITEY
BEHEREURME A", —BATARNSRENIES, SITRTUBFHIELRES
R, B, mFlogistic BFBRGEET, SRFEANBEEHRE, Htvy
AMDLTOIBREN. BEME. IFAEN. NHETS KBRS,
1.2 RE¥S REFXIFS—MEENEE, ME—AXEENEN, REXARER
MMEREEN, RTUMNRESS, SEAEGAYTRE, FEZIFPEN RS
BWER, B EDEENEZIALESEHTE, NTELEHEERGEE, ES
THRPARERANREZIEERIEAEINHERMLE (convolutional neural network,
CNN), EEEGSEMD LS EERSHNE. CNNIEENFENREIRS, B
BWAE. REERMNAEEAER, XEEREEGHNMSIFENGS, FNYSIH
FHBRNMGIHE. MEATGESHAL, FEXIEFUTRE: &%, FEEY
BT ATTREBMSE, MEASGASR R TIRIMEXNEFTE, BEEEERWR
THEAHTERNDE, B, FEZIEZTUENMEEDEIFERT, KR
FEMRIHEEN, FEEAESHMmERE"Y,

2 AIFEEF#E RGP A
2.1 MMTNME R EBTEEHEZENRFTNMD BRIKAT RN X RIS E,

(5—1FE] & M, %,
GEffEE] KILR, 5,

MEER, TERRAE: EURAEREERFEAR.
BlER, TEMRAM: PRIBEURFERZEEMR. E-mail: tianchen861@ujs.edu.cn

E-mail: pl96650453@163.com

- 177



RECTRIMRIZE 2024458 £22% $£5H 5 E1758

EHE R (TLI-2N R ERE SRS WREAT ARETME; B3
HEREEPE (locally advanced rectal cancer, LARC)(T3-4, f¥
WAL B L) AT SRETMERTnCRTAF ™ mEkm
BERRE IR BN TR ER ST, B, MRIBIT.INAER
&(T, weighted imaging, T.W)EBEFRARTAHITMETEEE
BEAC, B2, BHIMRIME LK 5 b B 6 4 fE K B A A
BER, XESBT2NBATINS IR, FIPAIREEEE)
FERE ERHAMETHE Y, LinE" EFTWIEFIZIIHNA
FIRUNES BRI ENTIZLERROC (receiver operating
characteristic curve)iizk TB9ER (area under curve, AUC)ES
$90.807. 0.846, 3 E1EATBEMPAGIPIIESSETEXHT1-2/
T3-4HE%E FINES AFBEHME(AUC=0.859), TELUZ""i#4T
H—IEFAR S, PDRNER T R 14540 EiE R ENT.WIF
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T1-281T3-4HAE 7 B & WAL T R IR E G AR B R 5
REIMIZRTRYERE(AUC=0.869 VS 0.810. 0.685), LI EMARER
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BT B BN PRE 4 N E R B & SR S R AT R,
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MES . ROBREELANKG, EEMTFERE]. REREiTH
K KIPEFENE. B, 4910%-20%NEFHEEEENCRTE
RBIER =L EM (clinical complete response, cCR)™, ATIL
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FIRUBENMESR, CuiZ ™ EmIE LG TWIFEER T
MEFERKRASRE, H#ELMEASIFEEN D LRKE
B GRASER SR RENTUNAE S, TEIMNPRIEATRAUCH
0.714, TE—TLLRATHEIMETF3ID V-Neti) R REFE S5
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A(AUC=0.906 VS 0.887, P=0.676), X—FHEXRMAILBEZEA
TEELHEFGAYFENSEEY,; Z—H@E, WHBEERS
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3R &

BETFRBRAFSREFINEZRUNATE#RRETERE
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