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ABSTRACT

osteoporosis is a common disease in the elderly. It is more and more important because it is easy to
cause fragility fracture. At present, dual energy X-ray absorptiometry (DXA) and quantitative computed
tomography (QCT) are common methods for diagnosing osteoporosis in radiographic examination, and
have mature diagnostic techniques. However, the diagnosis of osteoporosis by ordinary X-ray examination,
computed tomography (CT) and magnetic resonance imaging (MRI) have also received more attention
from scholars with the application of computer artificial intelligence tools in medicine. It is hoped that the
disease can be accurately diagnosed without additional examination and provide objective diagnostic
basis. Radiomics is one of them. It uses computer to analyze the texture features of medical images
and find meaningful texture parameters for disease diagnosis or observation. This article introduces the
common diagnostic methods of osteoporosis and the related research progress in radiomics.
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