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ABSTRACT

Objective To compare the diagnostic efficacy of digital mammography (DM) combined with artificial
intelligence diagnostic system (Al) with ultrasound (US) and dynamic enhanced MRI (DCE-MRI) in the
diagnosis of triple-negative breast neoplasms (TNBC),and evaluate the role of Al. Methods 42 cases
of TNBC and 68 cases of benign breast cancer were collected. All cases had complete preoperative
data of DM,US and DCE-MRI. The data of DM,US and DCE-MRI of breast were reviewed,and a set of
diagnostic results were obtained respectively. In addition,the DM images were diagnosed by Al and Al
joint radiologist respectively,and two sets of results were obtained. The subject operating characteristic
curves,area under curve (AUC),specificity,sensitivity,positive predictive value and negative predictive
value of the five diagnostic methods were compared and analyzed,and the consistency of each
diagnostic method was compared. Results The AUC value of DM (radiologist) group was the
lowest,while the AUC value of DM (Al+ radiologist) group was the highest,which was 0.770,better than
US and DCE-MRI. The sensitivity of DCE-MRI and US examination was the highest,but its specificity was
poor. Conclusion In the study,DM (radiologist) combined with Al can effectively improve its diagnostic
efficacy in triple-negative breast cancer,and its comprehensive diagnostic efficacy is slightly better than
that of MRI.
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