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Study on the Malignant Prediction of
Thyroid Nodules Based on CT Image
Imaging Method
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ABSTRACT

Objective This study aims to explore the identification value of the viciousness of thyroid nodules
based on CT imaging method. Methods Retrospectively collects image information of 185 patients with
thyroid nodules, a total of 186 nodules, 104 benign nodules, and 82 vicious nodules. The thin layer
CT image of the lesion is uploaded to the DICOM format to the Darwin Medical Research Platform,
and the center level of the lesion and the upper and lower levels are hidden in the upper and lower
levels. The minimum, maximum is normalized, for each The linearity of dimensional characteristics is
stretched. Then use the Lasso Glogistic regression model to perform model selection, and evaluate
the importance of features. Finally, the Lasso Glogistic regression model is constructed with the
characteristic parameters of the feature dimension, and the diagnostic performance of the model is
used to analyze the model of the model, and the sensitivity, specificity, and diagnostic compliance
rate are calculated. Results Extra characteristic screening, 8 imaging groups are used to construct a
thyroid nodule and malignant identification model. The ROC curve of the predicted model in the
training group (AUC) is 0.83 (95% trusted section: 0.73-0.93), the sensitivity and specificity are 88.7%,
82.0%, and the diagnostic accuracy is 75%; the AUC in the test group is 0.81 (95% Credit Zone: 0.6-
0.99), sensitivity and specificity are 88.5%, 84.6%, and the diagnostic accuracy is 76.13%. Conclusion
The imaging method based on CT scan has a high degree of diagnosis performance for the good and
malignant prediction of thyroid nodules.

Keywords: Imaging Group; Thyroid Nodule; Body Layer Photography; X-ray Computer; Diagnosis;
Identification
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