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Research Status and Progress of Radiomics
in Osteosarcoma®
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ABSTRACT

Radiomics can make up for the deficiency of conventional imaging analysis by extracting quantitative
imaging features invisible to the naked eye from conventional imaging images for data analysis
and model construction, which may have important guiding significance for accurate diagnosis and
treatment of osteosarcoma in the future. This article briefly introduces the workflow of osteosarcoma
Radiomics, reviews the latest application of Radiomics in osteosarcoma, and discusses the limitations
and future research direction of Radiomics in osteosarcoma.
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