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Objective To investigate the predictive value of radiomics features by enhanced CT in the preoperative
LILZRASTF MBS (L 5 250021) yectie eate the pr , ven preopera
pathological grading of gastric cancer patients. Methods A retrospective study of 192 patients with

2. #BTEEARERKSH pathologically confirmed and graded gastric cancer was conducted, and they were divided into a low
(324 #:38 233000) differentiation group, and a medium to high differentiation group, randomly assigned into a training
3HREFRE—NRERBNE group (n=134) and a validation group (n=58), and ROl was outlined and radiomics features were
(2218 38 233000) extracted on the arterial and venous phase images, respectively. For feature selection, minimum
AW FEKREMBRLUARRBIEREREREER  absolute contraction and selection operator regression and iterative screening of features were
(W% P¥Eg 250021) applied, and finally, arterial phase model, venous phase model, and combined arteriovenous phase
3 EFL2 2 Gk FES model were constructed using support vector machine classifier. The subject operating curve (ROC)
x| B and area under the curve (AUC) were used to assess the clinical utility of the models. Results Three

models have been developed: the arterial phase model, the venous phase model, and the combined

UEE] BE FiHET 88T SR A SIS arterial-venous phase model. The venous phase model finally screened nine radiomics features
SERERAYIFESROTNNE. B% EFE  (training group: AUC=0.872; validation group: AUC=0.822) with higher prediction accuracy than the
HR19261ZHIB IS BEEERIBENEREESE, arterial phase model (training group: AUC=0.830; validation group: AUC=0.801), and the combined
BEDARSHAEANPES DA, MHSEEAINLZ  arteriovenous phase model (training group AUC=0.900; validation group AUC=0.871) had a higher

£A(n=134)MIIELE (n=58), PBAITEEN. B#EXHAE  prediction accuracy was higher than the first two. Conclusion CT-based radiomics can non-invasively
B EHITROIN A B HIRBRAFIF . ERE
WERAE, AT R/NEXNREIEREFEIL
FE R TERRHE, RIEEAZFAEN RN
BT ohBKERREL. BREKERIEEY LI R shER PR HREX S 1R
. @REHHL{EAROC L FERA SESHLAZEEINELRTEY —, EeREFEAXRENE=RER",
SRS R B s B S R ST =
B e ZHERRANFEN RYMEBEENTE, HURERRANEE, EEYS
BARE, BRERLBAFANIREAYE TARMEAEFEEI—ENERKY. B, BESRENIATHERIRAN S

AR ICOSTL ST NGOk T RERIEEANEE, BRETARFN TR AT . B
e emn et 3 BEFEARRNL AT RNTRE IO, XEFEMESE, #8
BR(ISEAC0900; BIEBACOSTIN (et A B E—EBRIE, CTEMZNAT BB EOATHE, A
WEBIEBTHIRE, e BFRACTHPEAT  ipe 7 e B BEANASFESTANS B AENEREY, BRCTEER

AUENEHTNEERERBBIEL R, ’ v TR o
RERRENRENR. PEAFEMNZEEAR LRINEENHIE, LEE—ER

predict preoperative pathological grading of gastric cancer patients.
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1.2 EERCTEGRE FrEBEEARGHIEZ T EIILLEE
BCTHE, EHA—864HMGE Light Speed VCTHI—&256HF
AIGE Revolution CTTREERIGSRCTHEHE, BEEUMEMIL,
HEEANRMEFE TS, BEEH: BBEL120kY, EBR
350mA, HEEESmm, RiEERSmMm. MATERERBKEET
mVEE, MEN3.5mL/s, FIER1.0mL/kg. mHEKEAFN]ER:
BXHARICTHHE 9 BI7E 7 54 5255~355F1555~ 755117, AR
fER 7T BE MR KRR R EEIGRCTE R,

1.3 BB BIRRMERE BEARAINERCTEGREA—MI5E
U EEBEEF I 2MARNEGREENREEBEE RN
BMBIX (region of interest, ROI)#{TAE, BEIMLUIE
HRFINES—(IeERNEFEENES TERYE, T4
B, ZEGRELETHRRANGE, RE25MEIBKEEM
FRRKEACTI R E& L FshAEROI, EAEREEEBFRILE
BARMBEERIAEALR,

R “BE—KRX" TEFE(https://arxiv.org/
abs/2009.00908) , FERGRAFIHEREH, BAXNRERE
RENEGH#HITEGRT— W IESHBKER R E2IKEARO IR BN &
HEFFE, 2/ TRIEYE, ERYBERIIETE LR
IR RAFIED )\ (1)—F4HE; (2)FSIRIFIE3D;
(I)VFARKFIE2D; (4)REHAEREMEFE, (5)XEXEANE
PE; (6)REREEME, (T)HPKEEER, (8)XkEKHE
fr, NTIRNEZHNFIESH, RIBEGRERSRREER
B/ NE. SNERIEHER, RADHITEsEXEAMERIKEAE
REN93I MR A FFHIE
L4 SERRIAME g5, ERASRKENER—KENMT
fEfE, &MArEE[-1,1]z8l HF RT3 EIFIEFR
BE-LERNY, BIRMBTESERBEIL)TENDEEE
BRNMEHE, AEAAZEFE(f_classif) TTEFEMER4F
EzZEMIL xS, A5, FRALASSO(the least absolute
shrinkage and selection operator regression)iZ5[E])3RE
DARBEHRBRENTGAZIHE,

1.5 REAFRENMBRIIE SAhEHKEIIMERSET12
PN SRIBDRZIEXRNEZERAFFHE, 232 HEK
AR B AN BR KRR B (B1), RSBk ERpK AR B rI21
MHEBXEME—PKEEE, WR=ZBFEATREDSRFH
TN EE. TERARPXTINGRAHITEE, RAIIEPATIEIEHTT
WIFHRER IR E M,

1.6 ZitFEDH FXHETERZIAEIRIEIFTRL (receiver
operating characteristic curve, ROC)fMROCHIZ FER
(area under curve, AUC)FiFMN TSR A2 HTRIEE,
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. EEBKHARE! 9 BIIREN T 939 N MET AR FIE, K
HARBEFE(f_classif)FILASSOEYIFE4E, 435I MO39 MK
SAAFRHTEFNTELRDCANTSHUAZ B EESHIT
FREMN(P<0.01)AY188MFE, BHELASSOEIAA %, 237
MX 188 MFEFIEH 12NN A ER BIES REMHVIEFLE,
H-—THEXGAFKARE(E2), 8MENREER
LASSO[E3AZEFHB, BIFT6N—MIFIE. 3NMERE
E. ANMESKEERRE. AMNREREERE. 3IMREXE
ANEFEFN LN IR B R FRAE PERHE . ZRAF (EI3A), mhBk
HA R AIAUCH0.830[95% & X (8] (confidence interval,
Cl): 0.756~0.890]; ##RkHAEAIAVAUC/I0.872[95%ClI:
0.803~0.923]; mhEfkEAEX &R EAAUCH0.900[95%Cl:
0.836~0.945], EXIF4AH (E3B), shRkHEAERAUC
770.801[95%CI: 0.676~0.895]; B#AKHAKEAIAUCH
0.822[95%Cl: 0.700~0.910]; zhE%hkEREtSRELAIAUCKH
0.871[95%Cl: 0.757~0.945], FHARRAZLER LI chERKHA
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